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Abstract: The main purpose of the paper is to assess the effectiveness of the eight-factor
Beneish model in detecting manipulations in the financial statements of public companies
listed on the Warsaw Stock Exchange. The research sample consists of 27 enterprises that
were sanctioned at least once by the PFSA for irregularities in compliance with the IAS/ IFRS
principles in the period 2006-2018. Empirical analysis proved that in the selected group of
enterprises, the original version of the Beneish model is characterized by a relatively low
degree of usefulness, thus it should be considered as an average tool supporting the work of
auditors, statutory auditors and stock exchange investors, and at the same time a starting point
for the further search for instruments to detect accounting violations, developed and adapted
to conditions of the Polish capital market.

Keywords: Beneish model, Polish Financial Supervision Authority, Warsaw Stock Exchange,
accounting violations.

1. Introduction

A true and objective view of a company’s financial standing should be reflected in the
financial statements prepared in accordance with the current accounting standards,
and in the event of any deviations from these guidelines — including their justification
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and description. This image should be presented in uniform layouts and verified by
an independent body. In the case of companies listed on the Warsaw Stock Exchange,
the Polish Financial Supervision Authority (PFSA) is one of such bodies ensuring
the proper fulfillment of disclosure obligations by issuers of securities. Although
the highest standards in accounting reporting are expected from public companies,
business practice has shown that there are cases in which the PFSA not only raises
reservations, but also imposes severe financial and legal sanctions in connection
with non-compliance with the IAS/IFRS guidelines.

At the same time, apart from the opinions of the PFSA and statutory auditors, the
stakeholders of public companies are still looking for effective tools for a relatively
quick assessment of the credibility of the information contained in the company’s
financial statements. This is particularly important from the perspective of decision-
-making processes aimed at, among others, the possibility of a rapid increase in cash by
implementing investments with above-average rates of return. In the literature on the
subject, it is noted that such instruments include the analysis of discretionary accruals
(Dechow and Dichev 2002; Healy and Wahlen 1999; Jones, 1991; Piosik, 2013,
Schipper, 1989, etc.) or the analysis of red flags (Arshad, Asyiqin, Razali, and Abu
Bakar, 2015; DiNapoli, 2016; Lew, 2017; Njanike, Dube, and Mashayanye, 2009;
Pincus, 1989, etc.). However, also discriminatory models reducing the assessment of
the reliability of reporting data to the analysis of a single indicator, combining various
economic measures in a weighted manner, may prove helpful in assessing the quality of
financial statements (Fich and Shivdasani, 2007; Kaminski, Wetzel, and Guan, 2004;
Skousen and Twedt, 2009). The best known of these is the Beneish probit model, which
assumes that on the basis of selected variables appearing in the financial statements, it
can be assessed whether the company has manipulated its financial results, understood
as a breach of the accepted accounting standards (Beneish, 1999).

The main purpose of the study is to analyse the effectiveness of the eight-
-variable Beneish M-Score model in assessing the credibility of the reporting data
contained in the financial reports of public companies listed on the Warsaw Stock
Exchange in 2006-2018. The research sample included 27 enterprises which, in the
adopted reference period, were fined at least once by the PFSA in the context of
compliance with IAS/IFRS principles. Empirical research focused mainly on the
answer to the question of what percentage of the examined enterprises the classic
Beneish model allowed for the correct classification of the company to the group
of manipulators based on the data from the year in which the irregularities were
concerned. Moreover, the paper tested whether in the studied sample the statistical
distribution of the financial indicators used in the Beneish model in the preceding
periods differed statistically significantly from the values of those measures
calculated for the period, up to when the irregularities were found.

Empirical research was carried out on the basis of data periodically published
by the PFSA and financial information taken from the Notoria Serwis SA database.
A more detailed description of the research methodology is provided in a further part
of the paper.
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2. Applying the Beneish model in economic practice —
a literature review

As indicated in the introduction of the paper, the Beneish model is one of the best
known methods of detecting accounting manipulations in the world. Developed in
1999, the eight-variable Beneish M-Score model is based on financial analyses of
74 companies designated by the US Securities and Exchange Commission (SEC)
as manipulators and 2,332 public non-manipulators, and covers the period 1982-
-1992. From an instrumental point of view, Beneish relied on measures that present
future business performance, indicators related to cash flow and accruals as well
as measures that characterize managers’ motivation to manipulate data (Beneish,
1999, p. 24). The conducted research allowed for identification of about half of the
companies involved in earnings manipulation prior to public discovery.

Since then, accounting researchers all over the world have also found the power of
the M-Score model from different points of view (Ahn and Lihn, 2016, p. 17). From
the perspective of the Polish capital market, the research by Golec (2019, pp. 161-182)
deserves special attention. That author gathered evidence that the correctness of the
classification of Polish companies with problems with the credibility of financial
statements (based on the M-Score level of —2.22) was higher than in the case of
the research conducted for the British market, but lower than for the Indonesian or
Malaysian markets. In terms of the correct classification of enterprises belonging to
the group of non-manipulators on the Polish market, the Beneish model proved to be
weak, as its 75% correctness in this area was lower than in the case of other authors,
where it exceeded 80% each time. The issue of the usefulness of the Beneish model
in detecting accounting manipulations using the example of the Polish market is also
addressed in the study by Dalecka (2015, pp. 1-9), although it focuses mainly on the
theoretical aspects of using the M-Score model in economic practice.

Citing other, selected results of empirical research on the usefulness of the
Beneish model in detecting accounting manipulations, it is worth noting that
some researchers applied the original eight-variable M-Score model for earnings
management testing (Franceschetti and Koschtial 2013, pp. 1-22; Golec, 2019,
pp. 161-182; Kaur, Sharma, and Khanna, 2013, pp. 11-18; Paolone and Magazzino,
2014, pp. 253-261) while others extended the model by adding some more variables
(Marinakis, 2011; Dechow, Ge, Larson, and Sloan, 2011, pp. 17-82; Grove and
Basilico, 2008, pp. 10-42). An approach frequently encountered in the literature on
the subject is the use of the Beneish model to estimate the scale of the manipulation
of accounting data in various economies. In this way, among the entire research
sample, alleged manipulators and non-manipulators of financial statements are
selected. Some of the studies carried out concern comparisons in terms of shaping
the M-Score models in companies that were (or were not) considered as manipulators
in a given period by capital market supervisory institutions. On the other hand, other
researchers focused their attention only on individual enterprises, calculating the
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values of financial ratios for the periods in which accounting violations did or did
not occur (see: Table 1).

Table 1. Selected results of empirical research on the usefulness of the Beneish model
in distinguishing companies susceptible to accounting manipulations

Authors Sample Main findings
Grove and Sample consisting of 120 | The accuracy of the Beneish model reached 76% in the
Basilico (2008) | manipulators and 67,366 | first year of using fraudulent methods, and 66% in the
non-manipulators from second year after the year of using manipulative techni-
the USA with reference | ques. The authors proposed to shift the M-Score level
period 1986-2001 to—1.99
Mahama Enron Corporation The paper finds that the fraudulent acts of the company
(2015) could have been detected as early as in 1997, long be-
fore its actual filing for bankruptcy in 2001
Tarjo and The data used in the The results showed that overall the Beneish M-Score
Herawati study were 35 companies | model was capable of detecting financial fraud. Gross
(2015) that committed fraud and |margin index, depreciation index, index of sales and
35 non-fraud companies | general administrative burden and total accruals were all
in Indonesia significant in detecting financial fraud. The sales index,
asset quality index, and leverage index were statistically
not significant in detecting financial fraud. Moreover,
the analyses showed that 77% of manipulators and 80%
of non-manipulators were correctly classified using the
eight-factor Beneish model
Ahmed and Sample of 102 publicly | The outcome of the M-Scores reveals that the propor-
Naima (2016) | listed and non-financial |tion of likely manipulator firms declined over the years.
firms in Bangladesh from | The result of the independent #-test shows that inflating
the years 2010 to 2013 revenues, capitalising expenses, and overstating intan-
gibles could serve as signals of earnings manipulation
by firms in Bangladesh
Ahn and Lihn | Sample of 229 non- The results showed that 48.4% non-financial Vietnam-
(20106) -financial Vietnamese ese companies listed on the HOSE were involved in
companies listed on the | earnings management. Generally, the M-Score model
HOSE during 2013-2014 | could be considered to fit with sample observations in
Vietnam
Dbouk and The Data sets consist The Beneish Model produced best sensitivity (as
Zaaraour of fifty three (53) compared to Manual Auditors” Methods) in assessing
(2017) financial statements financial data for detecting earnings manipulation.
acquired from largest Authors revealed a classification rate of 86.84% using
corporations over four the Beneish Model and 60.53% using Manual Auditors’
consecutive years Methods
(2006-2019)

Source: own study based on (Ahmed and Naima, 2016, pp. 59-81; Ahn and Lihn, 2016, pp. 14-23;
Dbouk and Zaaraour, 2017, pp. 172-179; Grove and Basilico, 2008, pp. 10-42; Mahama, 2015,
pp. 1-18; Tarjo and Herawati, 2015, pp. 924-930).
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3. Research methodology and sample selection

The original eight-variable Beneish M-Score model consists in financial ratios that
included: Days Sales in Receivable Index (DSRI), Gross Margin Index (GMI),
Asset Quality Index (AQI), Sales Growth Index (SGI), Depreciation Index (DEPI),
Sales, General and Administrative Index (SGAI), Leverage Index (LVGI) and Total
Accruals to Total Assets (TATA). It takes the following formula:

M =4.840 + 0,920 x DSRI + 0,528 x GMI + 0,0404 x AQI + 0,892 x SGI + 0,115
x DEPI - 0,172 x SGAI + 4,679 x TATA - 0,327 x LVGI,

where:

— DSRI is measured as the ratio of days’ sales in receivables in year ¢ to year ¢-1;

— GMIl s calculated as the ratio of gross margin in year #-1 to gross margin in year ¢;

— AQI is measured as the ratio of non-current assets other than plant, property and
equipment to total assets in year ¢ to year #-1;

— SGI is computed as the ratio of Total Sales in year ¢ to Total Sales in year #-1;

— DEPI is measured as the ratio of the rate of depreciation in year #-1 to the corre-
sponding rate in year ¢;

— SGALl is calculated as the ratio of SGA expenses in year ¢ relative to year -1;

— LVGI is the ratio of total debt to total assets in year ¢ relative to year 7-1;

— TATA is computed as the Ratio of Total Accruals of year ¢ to Total Assets in year .

The obtained M-Score is then compared with the cut-off value which depends on
the accepted level of errors of the first and second type, i.e. respectively: failure to
show manipulation when it actually occurred, or indication of manipulation when it
did not take place (Golec, 2019, p. 168). If the M-Score >-2.22, it shows indications
of financial fraud within companies. In cases where the value of a given indicator
could not be calculated due to the presence of zero values in the denominator of the
fraction, the observation was not eliminated and the indicator was assigned “neutral”
values equal to 1 (Beneish, 1999, p. 27). It is also important that the company under
consideration in the period 71 could not manipulate accounting data. Hence, if the
manipulations of the reported results in the company were made continuously for
more than one financial year, the first of the periods for which irregularities were
detected was used for further analysis.

Empirical research was carried out among 27 public companies listed on the
WSE that had been fined at least once by the PFSA in the context of compliance with
IAS/IFRS principles in the period 2006-2018. Additionally, the sample selection was
based on the following criteria:

» the fiscal year of the firm should end up to 31 December;

* the company did not conduct business activity in the finance and insurance sec-
tors;

» all of the required financial data must be available.
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When selecting the financial statements of issuers for periodic analysis by
the PFSA, the high priority granted to the criterion of qualifications in the audit
reports, disclaimer of opinion or negative opinion is maintained. The presence of
reservations in the reports on the review of the semi-annual financial statements,
refusal to express a conclusion or negative conclusions was also taken into account
(Polish Financial Supervision Authority [PFSA], 2018). The analysis of the most
important offences committed by public companies listed on the WSE in connection
with the violation of IAS/IFRS principles allows to emphasize that the vast majority
of sanctions imposed by the PFSA were related to non-compliance with:

e TAS 1 — Presentation of financial statements;

e IAS 2 — Inventories;

* IAS 8 — Accounting Policies, Changes in Accounting Estimates and Errors;
¢ IAS 11 — Construction contracts;

* IAS 12 — Income Taxes;

* IAS 20 — Government Grants and Disclosure of Government Assistance;
* IAS 28 — Investments in Associates;

* IAS 34 — Interim Financial Reporting;

* IAS 36 — Impairment of Assets;

* [AS 37 — Provisions, Contingent Liabilities and Contingent Assets;

* [IAS 38 — Intangible Assets;

* IAS 39 — Financial Instruments: Recognition and Measurement;

e [FRS 2 — Share-based Payment;

e JFRS 3 — Business Combinations;

¢ IFRS 7 — Financial Instruments: Disclosures;

* [FRS 8 — Operating Segments;

* [FRS 10 — Consolidated and separate financial statements (see: Table 2).

At the same time it can be noted that both the spectrum of committed offences and
the nature of the sanctions imposed clearly differed in the analysed research sample.
In four cases the PFSA applied (apart from the financial penalty) the indefinite
exclusion of securities from trading on the regulated market. Usually, individual
enterprises recorded more than one type of misconduct with regard to irregularities
related to IAS/IFRS, while some companies were punished more than once.

Another important comment is the fact that the control sample was not included
in the research. By assigning a pair to enterprises from the group of manipulators, it
is not always possible to choose a company similar enough to reflect all the features
that may affect the scope of manipulation. The sample firms maintain individualized
performance patterns over time and even companies within a branch of the industry
have varying characteristics.
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Table 2. List of companies fined by the PFSA for non-compliance with IAS/IFRS guidelines

Company Year of the inaccuracies Violated IAS/IFRS
Advadis SA 2010, 2011 not specified
Atlanta Poland SA 2009 not specified
ATM Grupa SA 2006 not specified
Alma Market SA 2016 IAS 1, IAS 34, IAS 36, IFRS 7
B3System SA 2014, 2015 IAS 1, IAS 24, IFRS 7, IFRS 8

Calatrava Capital SA

2012, 2013, 2014

IFRS 7, IFRS 10, IAS 28, IAS 34, IAS
36, IAS 39

CFI Holding SA 2012, 2014 IFRS 3
Dolnoslgskie Surowce
Skalne SA 2011, 2012 IAS 2, IAS 11, IAS 34, IAS 36

Energomontaz Potudnie SA |2011, 2012

IAS 1, IAS 37

Gant SA 2012, 2013, 2014

IAS 34, IAS 39, IFRS 7

Hawe SA 2014, 2015, 2016, 2017

IAS 1, IAS 12, IAS 34, IAS 36, I[FRS 7

Huta Szkta Gospodarczego

Irena SA 2008, 2009, 2010 not specified

KBDom SA 2010 IFRS 3, IFRS 7

Kerdos SA 2013, 2014, 2015 IAS 34, IAS 36, IAS 38, IFRS 3, I[FRS 7
Macrologic SA 2009 IFRS 2

Mewa SA 2009, 2010 TAS 34, IAS 36, IFRS 3

MNI SA 2008, 2010 not specified

Mostostal Warszawa SA 2011, 2012

IAS 11

MSX Resources SA

2012, 2013, 2014

IAS 28, IAS 34, IAS 39, IFRS 3, IFRS 7,
IFRS 10

One-to-One SA

2011, 2012, 2013

IAS 1, IAS 36, IAS 37

PBG SA 2011, 2012

IAS 1, IAS 36, IFSR 7

Petrolinvest SA

2008, 2009, 2010, 2011,
2013, 2014, 2015

IAS 1, IAS 34, IAS 39, IFRS 3

PMPG SA 2008, 2009, 2010 IAS 28, IAS 34, IAS 36, IFRS 3, IFRS 10
Polimex Mostostal SA 2011 IAS 11, IAS 37, IFRS 7

Radpol SA 2009, 2010, 2011 IAS 8, IAS 20, IFRS 3

Solar Company SA 2011, 2012, 2013 IAS 1,IAS 27, IFRS 7

Zywiec SA 2009, 2010

IFRS 8

Source: own study based on (PFSA, 2018).
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4. Empirical results

In order to assess the effectiveness of the original version of Beneish model for
issuers from the stock market, it was assumed that the cut-off point would be the
M-Score of —2.22. Table 3 presents the calculated values of the M-Score for the pe-
riods in relation to which the PFSA found irregularities in compliance with the IAS/
IFRS principles, as well as for the previous periods. Observations correctly classified
for M-Score are marked in grey. It should be emphasized that there are significant
disproportions in the shaping of the M-Score in the examined sample. This remark
applies in particular to the following periods: #-2 and #-1, for which the statistical
range of the M-Score indicator was (respectively): 920.12 and 170.20.

Table 3. M-Score values computed for the tested group of companies

Periods for which folze‘;‘}‘l’i‘i N
1o accquntmg accounting Relative gain
Company manipulations were manioulations
detected P
were detected
t-2 t-1 T t/t-2 t/t-1
1 2 3 4 5 6

Advadis SA 916.427 —1.448 -3.721 —-1.004 1.569
Alma Market SA -2.573 -3.710 —6.448 1.506 0.738
Atlanta Poland SA -3.249 8.142 -3.116 -0.041 —-1.383
ATM Grupa SA n/a n/a —2.061 n/a n/a
B3System SA -2.314 -8.284 -2.069 -0.106 -0.750
Calatrava Capital SA 98.710 -3.907 —-14.396 —1.146 2.685
CFI Holding SA -2.187 —6.608 -5.299 1.423 —0.198
Dolnoslaskie Surowce

Skalne SA -2.268 —1.452 -9.200 3.056 5.338
Energomontaz Potudnie SA -2.564 -2.816 -3.098 0.208 0.100
Gant SA 5.608 —1.866 —6.467 -2.153 2.465
Hawe SA —2.880 —8.852 2.055 -1.714 -1.232
Huta Szkia Gospodarczego |, ggq -3.056 ~6.039 1.091 0.976
Irena SA

KBDom SA -3.697 7.695 -8.565 1.317 -2.113
Kerdos SA 34.779 3.856 —1.668 —1.048 —1.433
Macrologic SA -2.856 -3.231 -2.603 —-0.089 -0.194
Mewa SA -0.248 -3.640 -0.037 —-0.850 -0.990
MNI SA -1.975 -0.475 0.714 -1.362 -2.502
Mostostal Warszawa SA -2.911 -1.943 -2.804 -0.037 0.444
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Table 3, cont.

1 2 3 4 5 6
MSX Resources SA —2.760 —4.581 —0.386 —0.860 -0.916
One-to-One SA —-1.467 —3.531 —2.078 0.417 —0.411
PBG SA -2.409 —2.427 -1.967 —-0.183 —-0.190
Petrolinvest SA n/a —2.648 -3.967 n/a 0.498
PMPG SA 63.899 179.051 —0.423 -1.007 —-1.002
Polimex Mostostal SA -3.284 —2.282 -5.263 0.603 1.307
Radpol SA —2.358 —-0.604 -2.560 0.086 3.239
Solar Company SA n/a n/a —1.095 n/a n/a
Zywiec SA —2.783 —2.535 —2.651 —0.048 0.046

Source: own study.

Referring to the results of empirical research on period ¢, it should be noted
that the tested model poorly identified the problem of accounting violations. For the
period for which irregularities were detected, the Beneish model correctly verified 11
out of 27 surveyed companies. The situation is only slightly better with regard to the
accounting periods preceding year ¢. In the #-2 period, for 9 out of 24 enterprises, the
value of the indicator was above the threshold value, while for the ¢-1 period, such
a situation was noted for 9 out of 25 observations. Only in the case of the following
companies: B3System SA, Hawe SA, MSX Resources SA and PBG SA, did the
tested model turn out to correctly classify a given company among manipulators
(non-manipulators) in each of the three analysed accounting years.

The results of the research show in Table 4 that the eight-factor Beneish model
allowed for correct verification of 40.74% of companies that turned out to be
manipulators in period t, as well as 63.27% of companies that did not make accounting
violations in periods: -2 and #-1. No apparent difference in the calculated index
M-Score in the periods #-2, -1 and t can be explained by the fact that the possibility
of implementing accounting intervention in the external financial reporting process
may be highly dependent on the existence of particular business conditions which
appear in subsequent accounting periods. What is more, it should be pointed out that
the Notoria Serwis SA database, which is the main source of accounting data used in
the paper, could contain data after the auditor’s correction. This premise could also
influence the final results of the research.

In order to evaluate whether the values of the M-Score indicators (as well as
the eight partial financial ratios used in their estimation) differed in a statistically
significant manner in individual periods, the non-parametric Wilcoxon signed
rank test was used. The adopted null hypothesis (HO) assumed that there were
no differences between the measurements in the tested accounting years, and the
alternative hypothesis (H1) stated that the tested indicators values would statistically
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Table 4. Effectiveness of the classification of tested companies using the Beneish model
for the adopted M-Score level =-2.22

Reality

Model

Periods for which

manipulations were detected

Periods for which
manipulations were detected

Periods for which manipulations
were detected

True positive indications —
40.74%

Type I error — false positive
indications — 36.73%

Periods for which no
manipulations were detected

Type II error — false negative

indications — 59.26%

True negative indications —
63.27%

Source: own study.

differ in the adopted reference years. The analysis of empirical research shows that
the alternative hypothesis was confirmed only in one case (comparison of M-Score
values for periods #-2 and ¢ and also for periods #-1 and ¢). In the remaining cases,
no grounds were found to reject the HO hypothesis in favour of the alternative H1

hypothesis (Table 5).

Table 5. Parameters of the distributions of the M-Score values and individual financial indicators
used in the Beneish model in the analysed subperiods

Wilcoxon signed rank test —
Distribution statistics periods compared
Variable Periods t/t-2 t/t-1
Mean Median defita(i.ion VA P Z P
1 2 3 4 5 6 7 8 9

-2 6.69 1.06 20.42

AQI t-1 2.82 0.97 5.41 -0.39 0.70 | -0.57 0.57
t 1.44 1.01 1.32
t-2 4.49 0.99 17.11

DEPI t-1 0.91 0.97 0.49 -0.26 0.79 | -1.07 0.29
t 0.96 0.92 0.38
-2 8.24 1.09 25.67

DSRI t-1 1.74 0.98 3.38 -1.02 0.30 —0.54 0.59
t 1.25 1.03 0.99
-2 1.49 0.91 3.21

GMI t-1 1.32 0.80 3.74 -0.20 0.84 | -1.02 0.31
t 0.85 0.96 2.85
-2 1.64 1.03 2.42

LVGI t-1 2.43 1.07 447 -0.39 0.70 | —0.93 0.35
t 1.22 1.06 0.81
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Table 5, cont.

1 2 3 4 5 6 7 8 9

t-2 0.96 1.03 0.39

SGAI t-1 1.12 0.96 0.51 -0.25 0.81 —0.30 0.75
t 1.45 1.01 2.00
-2 44 .46 1.09 211.36

SGI t-1 9.27 1.23 40.99 —0.70 0.48 —0.66 0.56
t 1.21 1.02 1.16
-2 -0.22 0.00 0.90

TATA t-1 —0.10 -0.07 0.25 -1.76 0.08 -1.33 0.18
t —0.28 —-0.03 0.62
-2 44.66 -1.93 187.34

M-Score | #-1 5.15 —2.38 36.44 -3.93 0.00 | —2.53 0.01
t —3.53 -2.53 3.44

Source: own study.

It is interesting, however, that both the computed mean and the median M-Score
values for the periods for which no irregularities were detected (z-2 and #-1) are
lower than the M-Score values for the 7 period. This is further evidence reflecting the
low usefulness of the eight-factor Beneish model in detecting accounting violations
in the tested group of enterprises. Yet it seems that the obtained results were largely
influenced by the low number of the tested sample.

5. Conclusion

The original Beneish model is presented in the accounting and financial literature as
one of the most important tools for assessing the credibility of financial statements.
Its relatively simple analytical formula and the reliance on economic figures
generally available in the reported financial data allows for the view that it can be
widely used in the decision-making process of various stakeholder groups, including
‘wildcatters’, banks, leasing and insurance companies.

The empirical research carried out among companies listed on the Warsaw Stock
Exchange, which were sanctioned by the Polish Financial Supervision Authority for
irregularities in the compliance with the IAS/IFRS guidelines, showed that the eight-
-factor Beneish model is of little use in the realities of the Polish capital market. The
analyses highlighted the fact that in the selected research sample this model was
only 40.74% effective in indicating manipulation of reporting data in period ¢, and
63.27% effective in showing no manipulation in periods ¢-1 and #-2. The proven low
usefulness of the Beneish model in the detection of accounting violations (compared
to other studies in this area) may be partially explained by the fact that the appropriate
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Beneish model was estimated on the basis of the reports of companies applying the
GAAP principles. It can be assumed that the target solution is to build a new model,
estimated on the basis of data from the Polish market, which would be a great support
for statutory auditors, banks and auditors.

The presented research results cannot fulfill the condition of generalization. They
contain partial results, opening up prospects for further research on evaluation and
practical use of the available tools for detecting accounting violations. It should be
clearly indicated that a relatively small group of enterprises was analysed in the paper
because it is not easy to find information on irregularities in financial statements. The
study recognizes the reports of the PFSA as one of the objective sources of this type
of information. Moreover, even in the case of a positive opinion on the reliability of
the financial statements, there is no guarantee that all the figures in the report were
presented objectively.
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SKUTECZNOSC MODELU BENEISHA W WYKRYWANIU
MANIPULACJI KSIEGOWYCH NA PRZYKEADZIE SPOLEK
UKARANYCH PRZEZ KOMISJE NADZORU FINANSOWEGO

Streszczenie: Zasadniczym celem artykutu jest ocena skutecznosci osmioczynnikowego modelu Be-
neisha w wykrywaniu manipulacji w sprawozdaniach finansowych spétek publicznych notowanych
na GPW w Warszawie. W badaniach przeanalizowano 27 przedsigbiorstw, ktére w okresie 2006-2018
zostaly przynajmniej jeden raz ukarane przez KNF za nieprawidlowosci w zakresie przestrzegania ram
MSR/MSSF. W toku poczynionych analiz udowodniono, iz w tak dobranej probie badawczej oryginal-
na wersja modelu Beneisha charakteryzuje si¢ stosunkowo niewielkim stopniem przydatnosci, lecz po-
winna by¢ uznana za narzgdzie wspomagajace pracg audytorow, biegtych rewidentéw oraz inwestorow
gieldowych i jednoczesnie punkt wyjscia w dalszym poszukiwaniu instrumentow stuzacych do detekcji
manipulacji finansowych, opracowanych z mysla o polskim rynku kapitatowym.

Stowa kluczowe: model Beneisha, spotki ukarane, Komisja Nadzoru Finansowego, Gietda Papierow
Wartosciowych w Warszawie, manipulacje ksiggowe.
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